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Self-Attention based models have been dominating both computer vision
and NLP areas, but very few works have tried to implement them in time-
domain ECG signal processing, mainly due to the fact that there is not much
need for global receptive fields. In this work, we implement a network using
local self-attention to solve the task of multi-class classification on the Phy-
sioNet/Computing in Cardiology Challenge 2021 dataset which comprises of
26 different classes over 6 different datasets combined and compare the perfor-
mance of out model with the winning solution of the challenge.
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Results of the Challenge with fixed window size
Method AUPRC | AUROC | F-Measure | Model Size
ISIBrno 0.901 0.514 0.493 6.5M

Local Lead-Attention 0.949 0.548 0.521 2.4M




